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Abstract: For assessment of condition for aero — engine rolling bearings a method is proposed based on posterior prob—
ability SVM. Firstly the posterior probability SVM model is established by using simulation data and the classification
experiment and posterior probability prediction verification are carried out. Then the performance degradation experi—
ments for rolling bearings are conducted by using the aero — engine bearing failure monitoring test system the vibration
data of bearings under different working conditions is obtained. Finally the rolling bearing condition assessment is car—
ried out by using collected experiment data and the validity of assessment method is fully verified.
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