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Several New Methods for Features Extraction Based on Genetic

Algorithm and Their Application
Chen Guo Deng Yan

( College of Civil Aviation Nanjing University of Aeronautics and Astronautics Nanjing 210016)
Abstract: In this paper aiming at feature selection based on genetic algorithm four fitness functions are construc—
ted that is the function of improved distance criterion of mean-variance ratio of Fisher criterion and the most near
neighbor classifying function. These methods are verified by a simulation example. Finally The new methods are
applied to diagnose the rotor faults and the results show that the new methods are correct and effective.
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